Zero-Coding UMAP in Marketing

A Scalable Platform for Profiling and Predicting Customer Behavior by Just Clicking on the Screen
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Customer Data Platform (CDP) Demonstrated Solution: Arm Treasure Data Enterprise CDP
» A rapidly growing need for optimizing day-to-day marketing activities.
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1. the end user’s limited technical expertise, and Data transfer from/to external services

(e.g., web logs, CRM, social networks, Bl tool, email)

2. complexity of real data.
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Categorical Features

(a) Customer 360-degree profile view (c) Suggest promising attributes for feature engineering (d) Dashboard for predictive customer scoring

Zero-Coding UMAP #1: Text-Based Behavior Profiling Zero-Coding UMAP #2: Predicting Customer Behavior

» |Implement look-ahead-based marketing campaigns by predicting unseen

TF-IDF-based keyword extraction from web articles (title + description) |
customer's behavior.

4 — & @D & » Solve binary classification problem on customer profiles by just clicking on GUI.
5 — B D — Classifier gives the probability of belonging to a specific “target segment.”

» Semi-automated ML workflow, including:

Aggregating customer’s web visits — sum (), 11 normalize(), each top k() i Logistic regression training and prediction
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Discussions

Pre-defined mapping table generated with Wikipedia corpus

» Be as explainable, scalable, and accurate as possible for non-expert users.
— Limited UMAP techniques like TF-IDF weighting and logistic regression.

Arm TREASURE DATA <+ More interactive and explainable user modeling e.g., based on topic modeling.




